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Number of obs = 3,754   

Original sample = 15,613
(NCDS alive and not emigrated by 55)
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Multiple Imputation Model should include …

Substantive model (11)

Variables associated 
with non-response as 
well as underlying 
missing values 
(income) (18)

1. Income at age 50

Predictors of 
underlying missing 
values (income at age 
55) (1)

1. Outcome: Income
2. Exposure: Relationship status
3. 9 Confounders

E.g.
1. Cognitive ability age 11
2. Conduct problems age 16
3. Self rated general health age 44
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